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Abstract

Over the last two decades there has been a paradigm shift in digital marketing practice, from mass
marketing through mass media to targeted segmentation through personalised data-driven
communication. This transition has been driven by the convergence of analytics, artificial intelligence
(AI) and the vast increase in customer data, allowing more targeted engagement at a large scale.
Central to this transformation is personalisation, where marketing messages, product
recommendations, and other communications are targeted at each consumer based on their
preferences and behaviours.

Amid the growing digital platforms and channels available for engaging customers, retention is a key
issue facing companies in competitive digital markets. The cost of acquiring a new customer is five to
seven times higher than the cost of retaining an old customer (Reichheld & Schefter, 2000); thus,
retention strategy is a key indicator of long-term business success. This research examines the use of
personalisation strategies to increase customer retention in the online environment.

Through a descriptive quantitative research design, primary data from a consumer survey of 150
online shoppers representing a range of demographics is examined. The personalisation variables
(email personalisation, Al-driven product recommendations, website personalisation and targeted
advertising) are analysed in relation to the dependent variable (customer retention), resulting from
variables (repeat purchase, brand loyalty and subjective churn).

Our results show that personalisation has a significant positive effect on customer retention (r = 0.74,
p < 0.01), with artificial intelligence-based product recommendations and behavioural email
marketing as the most effective approaches. These insights confirm the validity of relationship
marketing theory (Morgan & Hunt, 1994) and customer engagement theory (Brodie et al., 2011) and
offer practical guidance to online marketers on how to minimise churn and promote customer loyalty.
Keywords: personalization, digital marketing, customer retention, Al recommendations, customer
engagement, data-driven marketing, relationship marketing

1. Introduction
1.1 Background of Digital Marketing Growth

The digital marketing arena has seen exponential growth, with global digital advertising spending
growing beyond USD 600 billion in 2022 and is expected to reach more than USD 835 billion in 2026
(Statista, 2023). This growth has been driven by the widespread penetration of mobile phones, the
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emergence of social media and consumers' shift towards online shopping. DataReportal (2023)
estimates that more than 5.16 billion people (64% of the world's population) were internet users in
early 2023, offering marketers a huge global audience.

But saturation of channels has also led to increased competition. They're bombarded with thousands
of marketing communications each day, contributing to 'fatigue’ and plummeting engagement rates
with conventional digital advertising formats. For instance, average email open rates have remained
at 21% across the board (Mailchimp, 2022), and display ads’ click-through rates (CTRs) have fallen to
below 0.1% on many platforms (Google, 2022). In this new world, relevance, not reach, has become
the key measure of marketing effectiveness.

1.2 Emergence of Data-Driven Personalization

In response to attention fatigue, a new form of engagement has emerged with the advent of data-
driven personalization—a strategy that uses information about customers to deliver personalised
advertising messages, product recommendations, and online content. Originally introduced as "one-
to-one marketing" by Peppers and Rogers in 1993, personalisation has seen immense improvements
with machine learning, big data analytics, and customer data platforms (CDPs). Modern
personalisation engines are capable of analysing thousands of data points in real time and thus
delivering personalised content that takes into account the consumer's past and current interactions,
behaviour, location, and possibly even their activity within the current session.

Personalisation is beneficial business. According to a McKinsey & Co. (2021) report, companies with
advanced personalisation capabilities make 40% more revenue from these activities than the average
company. The use of personalisation in marketing at Amazon (arguably the most sophisticated
recommendation engine in the world) accounts for 35% of revenues (Economist, 2021), showing the
strength of successful personalisation in the marketplace.

1.3 Definition of Personalization in Marketing

Marketing personalisation is a process leveraging data and technology to provide marketing
messages and information, product suggestions and digital engagement, specifically targeted to the
contexts and preferences of individual consumers (Arora et al., 2008; Vesanen, 2007). This definition
sets up personalisation with a distinction between segmentation (which targets a group of people)
and customisation (where the user initiates the change).

1.4 Customer Retention vs. Customer Acquisition

Customer retention is the capacity of a firm to keep customers over a period of time, as measured by
the first repeat purchase, customer lifetime value (CLV), and churn rates (Kumar & Shah 2004).
Numerous studies show that retention is more profitable than acquisition. Reichheld and Schefter
(2000) reported that a 5% increase in retention rates can boost profits by 25% to 95% (depending
on the industry), while Blattberg, Kim and Neslin (2008) found that the cost of acquiring a new
customer is five to seven times greater than the cost of retaining customers.

Retention becomes particularly crucial in the digital environment, where customers are prone to
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switch brands if the perceived benefits are inadequate and competitors are easily accessible. When
customers perceive unsolicited and irrelevant marketing, they are likely to unsubscribe, drop out, or
become competitors' customers (Aguirre et al, 2015), emphasising the necessity of personal
marketing.

1.5 Problem Statement

Despite the plethora of digital marketing technologies at our disposal, customer retention remains a
challenge for many companies. Personalised messages fail to resonate with customers, leading to
attrition and a lack of brand loyalty. Although links between personalisation and customer retention
have appeared in the literature, research is lacking in empirical quantitative investigations of the
effectiveness of different personalisation approaches especially in the post-pandemic digital
environment, where consumer behaviours, such as the prevalence of online interactions, have
changed significantly.

1.6 Research Objectives
¢ To examine the impact of digital marketing personalization on customer retention.

e To identify which personalisation strategies most significantly influence consumer loyalty
and repeat purchase behaviour.

e To assess the moderating role of consumer demographics on the effectiveness of
personalisation.

e To provide evidence-based recommendations for digital marketers seeking to optimise
retention through personalisation.

1.7 Research Questions and Hypotheses
This study is guided by the following primary research questions:

¢ RQ1: Does digital marketing personalisation have a significant positive effect on customer
retention?

¢ RQ2: Which personalisation strategies (email, Al recommendations, website customisation,
targeted advertising) exert the greatest influence on retention?

e RQ3: Do demographic factors moderate the relationship between personalisation and
retention?

These questions yield the following hypotheses:

e« H1: Digital marketing personalisation is positively and significantly associated with
customer retention.

e H2: Al-driven product recommendations have a stronger positive effect on retention than
other personalisation strategies.

e H3: Younger consumers (18-34) exhibit a stronger positive response to personalisation than
older cohorts.
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1.8 Significance of the Study

This research adds to the body of literature in digital marketing and consumer behaviour by
delivering empirical evidence of the effects of personalisation on retention. The study is valuable for
marketing managers, e-commerce firms and digital consultants looking to save on marketing and
redirect resources towards retention and to invest in customer relationships. It is also timely in terms
of a post-Covid-19 world that has seen the rise in digital-only consumer behaviour, creating a new
playing field.

1.9 Structure of the Paper

This paper is structured as follows. Section 2 reviews the literature on theoretical and empirical
research, as well as studies of personalisation and retention. Section 3 describes the research
approach. Section 4 outlines the analysis and results. Section 5 provides a discussion of the findings
with implications for theory and practice. The paper concludes in Section 6, followed by an overview
of Section 7, which includes recommendations, and Section 8, which outlines the limitations and
future research.

2. Literature Review
2.1 Concept of Digital Marketing Personalisation

Personalisation in marketing is not new; it dates back to early 20th-century direct mail. But in the
digital age, the reach and accuracy of personalisation have taken a quantum leap. One of the first, and
most widely cited, conceptualisations of personalisation come from Vesanen (2007), who defines
personalisation as any action that a firm takes to make a marketing message or offering more
relevant to customers. This encompasses three key focus areas: collection, analysis and delivery.

Arora et al. (2008) build on this definition by categorising the three major forms of digital
personalisation. Behavioural personalisation uses historical drives, purchases, web-browsing
behaviour and clickstream data to anticipate and steer future behaviour. Demographic
personalisation uses fixed personal attributes, including age, gender, location and income. Contextual
personalisation makes adjustments based on the context in which interactions occur, such as a digital
device, time, and location. The three types have varied uses and efficacy, and the most advanced
systems integrate all three, allowing for a more tailored approach that enhances consumer
engagement and improves marketing outcomes.

In the context of digital marketing, Kannan and Li (2017) contend that digital personalisation is
possible by connecting digital devices, platforms, media, data, and technologies that enable value
exchanges between the firm and its stakeholders. Personalisation is a key element of the value that
digital marketing brings to consumers (relevance) and firms (loyalty and retention).

2.2 Theoretical Foundations

According to relationship marketing theory, developed by Morgan and Hunt (1994), the key
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components underpinning successful long-term marketing relationships are exchange partners'
commitment and trust toward one another. In the pioneering Commitment-Trust Theory, Morgan and
Hunt contend that customers' trust in the brand and commitment to the relationship influence their
willingness to engage in relationship marketing behaviours (such as purchasing and advocacy) that
are mutually beneficial to the exchange parties. Sheth and Parvatiyar (1995) build on this theory to
suggest that consumers engage in relational strategies to reduce post-purchase dissonance and to
facilitate the consumer-buying process, enabling them to respond favourably to personalised
marketing messages that strengthen the relationship.

Personalisation delivers the spirit of relationship marketing. By communicating knowledge of and
interest in the individual, a brand is signalling relationship commitment and creating trust, the two
pillars of the Morgan and Hunt model. This is supported by evidence from Mittal and Kamakura
(2001), who reported perceived relevance of marketing communications, a surrogate for
personalisation, as a significant predictor of repurchase intentions, particularly in the high-
investment-durables segments.

According to the customer engagement theory proposed by Brodie et al. (2011), customer
engagement is a multidimensional phenomenon based on perceptions and behaviours that result
from customers' interactions with a focal object (e.g., brand, product). According to this theory,
customer engagement leads to higher customer loyalty, tolerance to price changes, and advocacy and
is a forerunner of retention.

Personalisation boosts the three dimensions of engagement: it boosts cognitive engagement (by
sharing information that the consumer wants to know), emotional engagement (by giving the
consumer a feeling of being understood and aspired to), and behavioural engagement (by making it
easier and more rewarding to engage in the ways that marketers would like them to). Hollebeek
(2011) shows empirically that personalisation initiatives have a positive effect on brand engagement,
which leads to customer retention. More recently, Grewal et al. (2020) point to the role of Al in
facilitating "hyperpersonalization,” which offers unprecedented scale and granularity of engagement
as a key feature of the next frontier of digital marketing.

The normative argument for personalisation is supported by statistical models of data-driven
marketing optimisation, which apply statistical and machine learning models to predict individual
behavioural outcomes. Blattberg et al. (2008) view database marketing as the core of contemporary
CRM, where companies with better customer data resources can quantify individual purchase
probabilities and target investments in marketing resources. Hanssens and Pauwels (2016) build on
this work to show that investments in data-driven marketing, such as personalised communications,
result in statistically significant and durable increases in customer equity, the sum of lifetime values
for all customers.

2.3 Personalisation in Digital Marketing

Email is one of the most effective digital marketing channels. Campaign Monitor (2022) claims
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personalised subject lines lead to a 26% increase in email open rates and triggered emails with
dynamic content based on recipient behaviour have a click-through rate 300% higher than non-
triggered emails. The success of personalisation in email marketing relies on the personalisation
paradox: consumers perceive email personalisation favourably when the personalisation is helpful
and not creepy, highlighting the crucial role of data ethics and relevance in email campaign design,
respectively.

Related to product recommendations, collaborative filtering algorithms, pioneered by Amazon in the
late 1990s and now typical in e-commerce sites, use patterns in consumer behaviour to determine
what products are most relevant for a particular consumer. Schafer, Konstan, and Riedl (2001) offer
an early categorisation of recommender systems as collaborative, content-based or hybrid. Modern
deep learning-based models have significantly boosted recommendation accuracy (Zhang et al.,
2019), and studies show that exposure to recommendations is positively correlated to higher average
order value (AOV) and an increased frequency of repeat visits (Adomavicius and Tuzhilin, 2005).

Personalised websites where landing pages, banner ads, product feeds, and other content blocks are
dynamically adjusted according to the user's profile have proven to boost conversion rates. Tam and
Ho (2006), for example, showed in an experiment that personalised web pages reduced sensory
overload and enhanced the quality of the decision-making processes, resulting in greater satisfaction
with the purchase. Recent research, such as that of Chaffey and Ellis-Chadwick (2019), confirms that
personalised landing pages and dynamic product displays are key tactics in decreasing bounce rates
and increasing site return rates.

Programmatic media solutions allow companies to target specific user segments with display and
video ads, social media, and mobile advertising based on behavioural, geographic, and contextual
factors. Lambrecht and Tucker (2013) show that retargeting ads which display to consumers who
have visited a brand's website in the past can raise conversion probabilities by up to 70%, while
lookalike audience targeting on social platforms like Facebook and Google enables brands to target
lookalike customers who have similar characteristics as high-value customers.

2.4 Research Gap

Despite covering a lot, there is still room for more. Most quantitative research on personalisation and
retention focuses on North America and Western Europe, and the application of research insights to
other markets, including emerging digital economies of South Asia, Southeast Asia and Sub-Saharan
Africa, remains limited. In addition, much of the work prior to 2020 neglects the considerable shift in
consumer digital behaviours as a result of the COVID-19 pandemic, which significantly sped up e-
commerce uptake and markedly changed expectations of frequency and channel of purchase and
online experience.

Also, relatively few studies separate the impact of specific personalisation tactics (for instance,
comparing the contribution of artificial intelligence recommendations vs personalisation in email)
rather than aggregating personalisation into a single construct.
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3. Research Methodology
3.1 Research Design

The study's research design is quantitative and descriptive. The quantitative approach is justified by
the need to quantify the direction and magnitude of relationship between well-defined variables
(personalisation and consumer retention) and to extend research findings to a larger population
(online consumers). Descriptive statistical techniques are used to describe the sample and the
distribution of responses, and inferential statistical techniques (correlation and regression analyses)
are used to test the hypotheses of the study (Creswell & Creswell, 2017).

A cross-sectional survey design is adopted, gathering data at one point in time, in line with research
intentions to measure current consumer perceptions and behaviour. Longitudinal designs could allow
for causal claims, but a cross-sectional methodology is justified, given time and resource constraints,
and is the most common approach taken by marketing survey studies (Hair et al., 2019).

3.2 Data Collection Method

We gathered primary data through an online, self-administered questionnaire. The questionnaire was
designed using scales from earlier studies such as Brodie et al.'s (2011) Customer Engagement Scale,
Vesanen's (2007) Personalisation Perception Scale and Kumar and Shah's (2004) Customer Retention
Index. Five-point scales ranging from 1 (Strongly Disagree) to 5 (Strongly Agree) were used to
measure all items, with reverse-polarised questions to counter response bias.

The questionnaire consisted of four main sections: (i) demographic information and online shopping
behaviours, (ii) personalisation perceptions (e-mail, product recommendations, website, and
advertisements), (iii) customer engagement behaviours, and (iv) retention outcomes (intention to
repeat purchase, brand loyalty, and intention to switch). A pre-test of the questionnaire was
conducted with 20 consumers, with minor adjustments made for clarity.

3.3 Sampling Technique and Sample Size

We used a convenience sampling method to select adult online consumers (18 years or older) who
had purchased an item online in the last three months. The questionnaire was sent out using email
lists, social media, and university panels. We received 162 usable responses, with 150 used in the
analysis after excluding responses with missing data and straight-lining (uniform answering of
items).

The sample size of 150 meets or exceeds the minimum guidelines for regression analysis using four
predictors (minimum of 10-15 observations per predictor; see Hair et al, 2019) and provides
statistical power of 0.85 (power to detect an effect, assuming a 0.05 significance level) using G*Power
software (Faul et al, 2007). The sample is not designed to be representative of the Australian
population but is sufficient for an exploratory research question on the proposed relationships.
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3.4 Variables of the Study
The study operationalises four independent variables (IVs) and one dependent variable (DV):

e IV1 - Email Personalisation: Perceived relevance and individualisation of email marketing
communications.

e IV2 - Al-Based Product Recommendations: Perceived accuracy and helpfulness of
algorithmic product suggestions.

e 1V3 - Website Customisation: Perceived adaptation of website content and layout to
individual preferences.

e 1V4 - Targeted Advertising: Perceived relevance of online display and social media
advertisements.

¢ DV - Customer Retention: Composite measure of repeat purchase intent, brand loyalty, and
low switching intention.

3.5 Data Analysis Tools

The data were analysed in IBM SPSS Statistics (Version 29). The analysis consisted of four steps. First,
descriptive analyses (means, standard deviations and distributions) were conducted for each
variable. Second, reliability, using Cronbach's alpha, was calculated for each scale, with an acceptable
level being a = 0.70 (Nunnally & Bernstein, 1994). Third, bivariate correlations between the 1Vs and
the DV were analysed using Pearson correlation. Finally, multiple regression was applied to analyse
the collective and unique explanatory power of the IVs for customer retention adjustment for
demographic variables.

4. Data Analysis and Findings
4.1 Demographic Analysis

The study sample of 150 respondents had a gender distribution of 58% women and 42% men and an
average age of 29.4 years (SD = 7.8). The largest age cohort was 25-34 years (42%), followed by 18-
24 years (31%), 35-44 years (17%), and 45 and above (10%). A large proportion of our respondents
were frequent online shoppers: 38% purchased online at least once a week, 41% purchased online
two to three times a month, and the remaining 21% made occasional online purchases. These
characteristics are in line with the demographics of active online shoppers across leading markets
(DataReportal, 2023) and guarantee that the sample has sufficient exposure to digital marketing
touchpoints to be able to answer our questions.

With regard to technology use, 89% of respondents used social media every day, 76% would receive
marketing emails, and 93% had seen personalised product recommendations on one or more
channels in the past month. These statistics verify this sample is exposed to the personalisation
practices examined.
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4.2 Descriptive Statistics

Table 1: Means and standard deviations for variables

Variable M SD Min Max o
(Cronbach)

Independent variables — personalisation

Email personalisation (IV1) 3.89 0.81 1 5 0.83
Al-based product recommendations (IV2) | 4.12 0.72 1 5 0.87
Website customisation (IV3) 3.76 0.88 1 5 0.81
Targeted advertising (IV4) 3.41 0.96 1 5 0.79
Dependent variable — retention

Customer retention (DV) ‘ 3.98 ‘ 0.77 ‘ 1 ‘ 5 | 0.85

Means and standard deviations of all variables are reported in Table 1. The four personalisation
variables all had a mean above the scale centre point of 3.0, suggesting a generalised positive
appraisal of personalisation. Al-Based Product Recommendations (M = 4.12, SD = 0.72) had the
highest mean score, implying that respondents see algorithmically recommended products as
especially beneficial. Scores for email personalisation (M = 3.89, SD = 0.81) and website
customisation (M = 3.76, SD = 0.88) were also positive. The lowest mean was scored for targeted
advertising (M = 3.41, SD = 0.96), which suggests that respondents are ambivalent towards targeted
advertising, perhaps due to privacy concerns.

The mean of the composite variable for the Customer Retention construct (M = 3.98, SD = 0.77)
reflected a high level of expressed brand loyalty and intention to repurchase. Cronbach's alpha values
for all variables were above 0.80 (Email: a = 0.83; Al Recs: o = 0.87; Website: a = 0.81; Advertising:
= 0.79; Retention: a = 0.85), showing acceptable to good internal consistency.

4.3 Correlation Analysis

In the correlations analysis using Pearson's coefficient, the four forms of personalisation variables
showed significant positive correlation with retention. The highest correlation was found between
Al-based product recommendation and retention (r = 0.74, p < 0.001), then email personalisation (r =
0.68, p < 0.001), website customisation (r = 0.61, p < 0.001), and finally targeted advertising (r = 0.49,
p < 0.001). The p-values for all four correlations were less than 0.001 (two-tailed) and support H1.

The size of the correlation between Al recommendations and retention (r = 0.74) is above average for
survey-based marketing research and in line with experimental research on the effectiveness of
recommendation engines (Schafer et al.,, 2001; Zhang et al., 2019). The lower correlation for targeted
advertising (r = 0.49) indicates that although personalised advertising has a positive impact on
retention, it is less significant and potentially moderated by consumers' attitudes towards online
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advertising and privacy.
4.4 Regression Analysis

The multiple regression analysis, with customer retention as the dependent variable and the four
personalisation variables as independent variables, while holding age and gender constant, showed
that the model was significant (F(6, 143) = 41.87, p < 0.001) and accounted for 64% of variance in
customer retention (R? = 0.64, Adjusted R? = 0.62), suggesting a fairly strong fit of the model.

Al-based product recommendations were the most significant predictor (f = 0.38, p < 0.001),
followed by email personalisation (§ = 0.29, p < 0.001) and website customisation (§ = 0.18, p <
0.01). The regression coefficient for targeted advertising was positive and significant at the 10% level
in the full model (B = 0.09, p = 0.08), suggesting that its univariate association with retention is
partially spurious due to its shared variance with the other personalisation measures. This evidence
supports H1 and H2. The two demographic variables (age and gender) were not significant predictors
when the demographics were included and failed to support H3.

5. Discussion

The results of the present study provide robust empirical support for the underlying tenet of the
personalization-retention hypothesis: that personalised digital marketing information based on
consumers' preferences and behaviours leads to improved outcomes associated with retention. The
variance of 64% explains a large proportion of the variance of customer retention, emphasising the
role of personalisation in the larger retention model.

The placement of Al-powered recommendations at the front end of the regression coefficient is also
important. According to Grewal et al. (2020), Al-powered marketing will be the "disruptor” in digital
marketing in the next ten years, and the current research offers evidence of this prediction at the
individual level. In fact, the magnitude of the coefficient ( = 0.38) implies that development of
recommendation engine capabilities is a high return on investment (ROI) path to better retention
strategies. This finding is in line with reported business impacts at major e-commerce platforms
(Economist, 2021) and laboratory studies of the influence of recommender systems (Zhang et al,,
2019).

The importance of personalised emails (f = 0.29) supports Aguirre et al.'s (2015) view that emails
customised according to individual preferences have a positive influence on trust, retention, and
loyalty, depending on whether they are viewed as helpful or invasive. This evidence is critical: the
survey findings show that the effect of personalised emails is positive on average (M = 3.89), which
suggests that for the sample group, the personalised emails they receive are seen as relevant. It is
important, however, for marketers to consider inappropriately targeted or excessive personalisation,

given the potential for Aguirre et al.'s "creepiness" effect to trigger churn.

That the effect of personalised advertising is smaller (and not statistically significant) in the full
regression model is interesting and relevant. Although targeted advertising (retargeting and lookalike
advertising) is a proven method of acquiring customers (Lambrecht & Tucker, 2013), the current
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findings indicate it has a weaker effect on retention than content-based personalisation (email,
recommendations, and website). This is possibly because through advertising, consumers are
engaged primarily in the early stages of the funnel, whereas email and on-site personalisation
services engage the consumer at the retention stage.

A lack of moderation effects for the demographic variables (H3 not supported) is a somewhat
unexpected result, given research indicating younger consumers are more responsive to online
personalisation (Chaffey & Ellis-Chadwick, 2019). This could represent a "demographically under-
dispersed” sample effect in the sample, which had a strong skew in the 18-34-year-old age groups
(73%). Perhaps a more balanced representation of young and older individuals would show such
effects.

6. Conclusion

The aim of this research was to investigate the effect of personalisation in e-marketing on customer
retention. By leveraging primary data from a survey of 150 e-consumers, correlation and regression
analyses have been used to empirically demonstrate that personalisation has a significant and
positive effect on customer retention, explaining up to 64% of the variance in retention. The results
directly support the purpose of the study and H1 and H2, but not H3.

The personalisation tactic with the strongest impact is Al-powered product recommendations, the
strongest predictor of customer retention in the regression model. This is an important finding for
practitioner use, with companies advised to prioritise the investment in their machine-learning-
based recommendation engines for retention. Personalisation in emails and on the website also plays
a substantial role, highlighting the need for relevant communications and individually customised
experiences within company-owned digital channels.

Theoretically, this study confirms and expands the application of relationship marketing theory and
customer engagement theory in the modern digital marketing environment. The findings
demonstrate that personalisation is a means of facilitating the trust, customer engagement and
commitment that are foundational to the creation of long-term customer relationships even in the
low-switching-cost (generally low-commitment) digital marketplace.

For researchers, the study provides empirical proof of the effectiveness of particular personalisation
strategies, filling a gap in the literature review. For marketing professionals, the study offers a proven
rank of priorities for personalisation investment: personalised recommendations first,
personalisation through email second, personalisation through website personal customisation third,
and personalisation through targeted advertising as a follow-on (mainly customer acquisition) tactic.

In conclusion, personalisation is not just a marketing buzzword but a critical strategy for enhancing
customer retention in the digital economy. Companies that invest in the knowledge, resources and
integrity to build the capability to deliver the right, individual-level offer to the right customer at the
right price will be best placed to retain customers, build customer loyalty and maintain market
position in a highly populated digital market space.
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7. Limitations and Future Research Scope

Our study has several limitations. First, the convenience sample size of 150 limited the ability to
generalise from study results to the larger population of internet consumers. The population tended
to be younger, tech-savvy users, which could overestimate any impact of personalisation compared to
more diverse or older segments.

Second, the cross-sectional nature of the data does not allow us to draw causal inferences; correlation
and regression analyses can detect an association but not causality between personalisation and
retention. More sophisticated study designs are needed to establish causality. Third, the research
examines consumers' dispositions but not their behaviour (e.g., how often someone buys your
product) and is susceptible to social desirability bias.

These limitations should be overcome in future studies with larger, representative samples and
longitudinal measurement of retention. Comparative analyses between countries would also be
beneficial in discovering cultural moderators of the relationship between personalisation and
retention. Research on specific industries like financial services, health care and subscription
commerce sectors that have different retention dynamics would also broaden the application of the
current study's insights. Finally, future research should also consider privacy concerns as a
moderator, given increasing privacy regulations regarding data protection.

*Assistant Professor
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